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Abstract: Social media penetration rates (the number of active social media users as a percentage of
the total population) are notably high among the Gulf Arab States. Most studies exploring the
wellbeing implications of social media have focused on deficit states and problematic use, frequently
examining posited links with psychopathology, loneliness, and broader health concerns. Fewer
studies attempt to explore how social media use might also contribute to subjective wellbeing.
Grounded 1n positive psychology, this study examined the relationship between positive social media
use (PSMU) and wellbeing. Derived from a large-scale cross-national survey, focusing on three Gulf
Arab States (UAE, Saudi Arabia, and Kuwait), participants (/V=3,002) completed a novel five-item
measure of positive social media use, assessing the extent to which social media was perceived as
contributing to positive emotions, engagement, relationships, meaning and accomplishment
(PERMA). Participants also completed single-item measures of active social media use, life
satisfaction, autonomy, competence, and relatedness. PSMU was correlated with life satisfaction,
autonomy, competence, and relatedness. A regression analysis revealed that the association between
positive social media use and wellbeing variables persisted after controlling for active use and
demographic covariates. The results are discussed in the context of exploring how social media use

might make positive contributions to wellbeing.
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The Hyperconnected

The Gulf Arab States, comprising Bahrain, Kuwait, Oman, Qatar, the United Arab Emirates
(UAE), and the Kingdom of Saudi Arabia (KSA), have all undergone rapid social, technological,
and economic changes throughout the 20th and 21st centuries. Although each state 1s unique, they
also share many commonalities. Along with borders and language (Arabic), they share history,
heritage, culture, and religion to varying degrees (Thomas, 2014). With similar systems of political
governance, the Gulf Arab States have all pursued aggressive programs of social, economic, and
technological development (al-Khazi, 2008). At the time of writing, all six states have 100%
population coverage by mobile internet technology (3G or higher), according to 2023 data reported
by the International Telecommunications Union (2025). Similarly, in a survey of 53 nations, Saudi
Arabia had the highest rate of social media penetration (the number of active social media users as
a percentage of the total population), while the UAE was ranked second (Statista, 2025). With
widespread high-speed internet access and high levels of social media adoption, the Gulf region 1s
well-positioned to benefit from digital technologies, while also being at the forefront of navigating

the challenges of the current and emerging online world.

Digital Tllbeing

The notion that digital technology use could become problematic in a psychopathological
sense first attracted scientific research attention in the mid-1990s. Drawing parallels with pathological
gambling, Gniffiths (1995) introduced the concept of technological addictions, conceived as
behavioural addictions involving human-computer interactions. It took over two decades for this
concept to receive mternational nosological endorsement; however, in 2018-19, the World Health
Organisation (2018) included gaming disorder within the behavioural addictions section of the
International Classification of Diseases, 11th Revision (ICD-11). The ICD-11 also enables the
diagnosis of other internet-related problems within the section’s residual categories, 1.e., “disorders
due to addictive behaviours, unspecified” (Brand et al., 2020; Lindenberg et al., 2022). It is here that
putative technology-related behavioural addictions, such as problematic social media use, could also
be diagnosed.

Beyond technological addictions, there 1s also the contested 1dea that social media 1s

mmplicated in rising rates of adolescent mental health 1ssues in some nations (Baird et al., 2025). For
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example, Twenge et al. (2018) linked the rising rates of US adolescent depression and suicide
between 2010 and 2015 to the increased use of social media during the same period. Based on
survey data from a nationally representative sample of over half a million US adolescents aged 13 to
18, Twenge et al. found that time spent on social media was positively correlated with mental health
1issues such as depression. Conversely, time spent on non-screen activities, such as in-person social
mteraction, sports, and homework, was negatively correlated with mental health issues.

Other studies go beyond blunt screen time or social media usage metrics and examine what
people are doing when engaging with these platforms. For example, studies have differentiated
between active (interacting, commenting, posting) and passive social media use, 1.e., aimless scrolling
through a timeline or repetitively switching between apps (Valkenburg et al., 2022). Unsurprisingly,
there 1s evidence that passive use 1s associated with negative states and psychopathology, while active
use 1s associated with increased wellbeing. For instance, studies have concluded that passive social
media use 1s often preceded by feelings of loneliness (O’Day & Heimberg, 2021). Similarly, in an
experimental lab-based survey, instructing people to use social media passively (rather than actively)
led to decreases in subjective wellbeing over time (Verduyn et al., 2015). In a review of the active-
passive social media use literature, Valkenburg et al. (2022) conclude that even the active-passive
distinction 1s too coarse to reliably identify meaningful associations with well-/ill-being, suggesting
that future studies need to also consider the content and pre-existing affective state of users.

With some exceptions, most of the social media-pathology research is correlational, telling
us little or nothing about causality and possible mechanisms of action. Further, not all correlational
studies find the posited association between frequency of social media use (screen time), style of
social media use (active passive) and psychopathology/illbeing. For example, in a study spanning six
years, Heffer et al. (2019) report that the frequency of social-media use (hours-per-day) did not
predict depressive symptoms among a large US college sample. Similarly, in a cross-sectional study
of adolescents spanning 29 European countries, Boer et al. (2020) found that frequency/intensity of
social media use was uncorrelated with psychological wellbeing. In nations where heavy social media
use was highly prevalent (normalised), the frequency of use was linked to better psychological
wellbeing. Similar positive wellbeing associations have also been reported for time spent playing
specific online video games (Johannes et al., 2021).

That the links between screentime (duration and frequency of social media use) and
psychological wellbeing remain equivocal does not minimise the harms present on these platforms.
For example, pro-ana (anorexia nervosa) accounts and social media content romanticising and
promoting suicide and self-harm are unequivocally problematic (Baird et al., 2025).

The bulk of psychological research to date exploring the use of digital technologies has
focused on deficit states and the potential detrimental health impacts of digital technologies,
particularly gaming and social media use. There 1s, however, also the possibility that social media
and gaming can and do contribute to an individual’s wellbeing.

Digital Wellbeing

Despite the World Health Organisation’s (1948) constitutional affirmation that "Health 1s ...
not merely the absence of disease or infirmity", attempts to measure health and wellbeing remain
often fixated on assessing the absence of symptoms or deficit states (ill-being). For example, we have
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numerous measures of smartphone/internet use (Chen et al., 2020; Ghali et al., 2019; King et al.,
2020), social media use (van den Eynden et al., 2016) and gaming behaviours (Pontes & Griffiths,
2015) that focus on pathology. Much of the work undertaken in this area to date has catalogued and
explored how personal digital technologies potentially contribute to ill health, psychological
disorders, unpleasant, and maladaptive states (e.g., loneliness, social anxiety, hyper-distractibility).
Conversely, there are few, 1f any, widely used measures assessing positive constructs such as healthy
gaming, positive social media use, or satisfaction with online life. We could erroneously conclude
that a person has a healthy, wellbeing-promoting relationship with technology based on low scores
on measures of online pathology. Yet, an absence of pathology is not evidence of flourishing. A
review titled Online Wellbeing, drew a similar conclusion (Ong et al., 2021). This study identified
56 subjective wellbeing scales; however, none of them were specifically designed to measure online
wellbeing or explore how the online world might contribute.

This relative gap in the literature prompts a need to explore the presence of digital/online
wellbeing through a positive psychology lens. Here, we examine the concept of positive social media
use through the lens of Seligman’s (2011) PERMA model. PERMA proposes five elements (building
blocks) that are important for the attainment of subjective wellbeing. Specifically, the components
are positive emotions, engagement, relationships, meaning, and achievement/accomplishment. Each
of these elements 1s measurable, can be independent of the others, and 1s intrinsically motivating,
that 1s, pursued for its own sake (Seligman, 2018). Ultimately, the PERMA model 1s pragmatic,
offering a well-articulated framework of measurable components that can serve as targets for
mterventions aimed at promoting human flourishing.

In the present study, we use the PERMA model to inform the development of a measure of
positive social media use. This self-report scale explores the extent to which an individual’s social
media use 1s perceived as making a positive contribution to each of the PERMA components. We
focus on citizens and residents of the Gulf Arab States, as these nations all have similarly high rates
of social media penetration and widespread access to high-speed mobile mternet. In Iine with the
PERMA framework, we hypothesise that positive social media use will be correlated with other
measures assocliated with wellbeing and optimal human functioning, including life satistaction
(OECD, 2017) and basic psychological needs, specifically autonomy, relatedness, and competence
(Chen et al., 2015). These basic psychological needs are identified within Self-Determination
Theory (Ryan & Deci, 2000) as essential for optimal wellbeing and performance. Finally, we also
propose that positive social media use will be associated with active social media use, given the
previously - albeit inconsistently - observed associations between active use and better wellbeing

(Valkenburg et al., 2022).

The Present Study
Study Design
This study 1s based on a subset of data from our Global Digital Wellbeing Survey (DWS),
an extensive cross-national study which covered 35 nations. This online study spanned seven world
regions and was administered by PSB Insights, a multinational analytics consultancy with substantial
experience 1n cross-national polling and cross-sectional survey research. In this analysis, we extract
and focus on the three culturally similar and hyperconnected Gulf Arab States included in the DWS:
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Kuwait, the United Arab Emirates (UAE), and the Kingdom of Saudi Arabia (KSA). For these Gulf-
based participants, survey materials were translated and back-translated from English into Arabic
and made available online in both languages.

Participants

Participants were recruited from pre-existing participant panels. The survey aimed to obtain
nationally representative samples (V= 1,000) of the internet-using adult population for each territory
included in the DWS. Potential participants (registered panellists) received mvitations via email,
resulting in an overall response rate of 17.37%. Automated data quality checks ensured that non-
completers were excluded, along with respondents who completed the survey with illogical and
stereotyped response patterns. Similarly, participants who finished the study at an unfeasible speed
were also excluded. The mean exclusion rate was 18.7%. Oversampling ensured each nation
comprised approximately 1,000 consenting adult participants. All data were collected between June
12th and July 11th, 2023. The study was reviewed and approved by the King Abdulaziz Centre for
World Culture (Ithra) Internal Review Board (IRB 202371). The mean age of participants from the
Gulf Arab States was 33.85 (SD = 8.37). Table 1 presents additional sample characteristics.

Table 1

Sample Characteristics ol Respondents from the Participating Gull States

Variable Group N (%)
Female Yes 1,059 (35.27)
No 1,935 (64.72)
Jobseeker Yes 121 (4.03)
No 2,881 (95.96)
College Graduate  Yes 2,282 (76.01)
No 720 (23.98)
Parent Yes 1,335 (44.47)
No 1,667 (55.52)

Of these 3,002 participants, 88.87% (N = 2,668) responded affirmatively to a screening
question about social media use (T'witter, Instagram, Tik'Tok, etc.) over the past 12 months. Those

who answered affirmatively then completed the social media usage measures included in the study.

Measures

The study’s posited predictor variable was positive social media use. Our hypotheses suggest
this type of social media use will be positively correlated with wellbeing metrics. We also included a
measure of active social media use as a suspected covariate of positive social media use and
wellbeing. Both measures are described below.

Positive Social Media Use (PSMU) Scale. The PSMU scale 1s a five-item self-report measure
designed to assess positive social media use grounded in the PERMA model (Thomas & AlJedawn,
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2025). It was designed to determine how frequently social media 1s perceived as contributing to
wellbeing. The scale 1s derived from the PERMA-Profiler (Butler & Kern, 2016), which 1s grounded
i Seligman’s (2011; 2018) five-dimensional PERMA model of human wellbeing: Positive Emotion
(P), Engagement (E), Relationships (R), Meaning (M), and Accomplishment (A). The scale instructs
respondents to consider their personal (1.e., non-work-related) use of social media over the past six
months when responding to the following PERMA-aligned items:

e Using social media leaves me feeling positive/joyful/happy. (P)

e I become pleasantly absorbed in what I'm doing on social media. (E)

e [ feel valued and supported by my social media friends/contacts. (R)

e My use of social media 1s well-aligned with my values. (M)

e Social media contributes towards my accomplishing goals that are important to me. (A)

Each PSMU item 1s frequency-rated on a 4-point scale, from 1 (Neven to 4 (Very ofien). A
total score 1s calculated by summing all five items, with higher scores indicating more positive
perceived psychosocial outcomes associated with social media use.

Active/Passive Social Media Use. We also included a single-item measure of active versus
passive social media use. This item asked: “Thinking about the past 12 months, how would you
describe your use of social media? Please rate on a scale of 1 to 4, where four represents active social
media use and one represents passive social media use.” We defined passive use as: “only reading
comments, watching videos and looking at images without further interaction.” In contrast, active
engagement was described as: “making comments, mnteracting with peers and posting or liking
content regularly.” Participants indicated 1if they only use social media (1) passively, (2) more
passively than actively, (3) more actively than passively, or (4) actively.

The study's dependent variables were measures of life satisfaction and psychological well-
being. These four single-item measures are detailed below.

Basic Psychological Need Satistaction and Frustration (single-item scales). The Basic
Psychological Need Satistaction and Frustration Scale (BPNSF) is grounded in Self Determiation
Theory, which posits that three basic psychological needs (autonomy, relatedness, and competence)
are essential for psychological well-being and optimal human functioning (Chen et al., 2015; Martela
& Ryan, 2024). The original BPNSF scale has 12 items (Chen et al., 2015), four per each
psychological need. To create single-item metrics, Martela and Ryan (2021) identified the best-
performing item for each of the psychological needs: autonomy, relatedness, and competence.

The performance of these single-item measures was compared to several other longer need
satisfaction scales. In all cases, the single items loaded well on the corresponding longer scales and
were near identical in their correlation with criterion variables, suggesting that they are valid and
useful need satisfaction measures in research contexts requiring brevity (Martela & Ryan, 2024). The
identified single-item measures and the items used in this study were as follows:

¢ [ feel that my decisions reflect what I really want (Autonomy)

* | feel confident that I can do things well (Competence)

¢ [ feel close and connected with other people who are important to me (Relatedness)

Each item was scored on a 4-point Likert scale, ranging from "strongly disagree" (1) to

"strongly agree" (4).
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Organisation for Economic Co-operation and Development (OECD) Life Satistaction. The
OLECD’s life satisfaction item purports to measure how people evaluate their life as a whole rather
than their current feelings. The measure asks respondents to rate their general satisfaction with life
on a scale of 0 to 10 (“Overall, how satisfied are you with your life?”). With greater life satisfaction
idicated by higher values, the maximum being 10. The single-item measure was developed as part
of the OECD’s Better Life Index and has been widely used i their international survey work
(OECD, 2017). Atroszko et al. (2017) report a highly significant and positive correlation between
the single-item life satisfaction measure and the five-item Satisfaction with Life Scale (Diener et al.,
1985). Similarly, both measures correlated in the same ways with other well-being and personality
indicators. Abdel-Khalek (2006) reports similarly favourable concurrent validity between multi-item

and single-item measures of life satisfaction.

Research questions and analytic plan

This study sought to answer four questions: (1) Is PSMU correlated with life satistaction and
existing subjective wellbeing metrics? (2) Is PSMU correlated with active social media use? (3) Does
PSMU remain predictive of life satisfaction and wellbeing after controlling for covariates? (4) Do
these nations exhibit significant variations in their levels of PSMU?

To answer these, we used correlational and linear regression analyses. The linear regression
models involved using each of the wellbeing variables (life satisfaction, autonomy, competence and
relatedness) as dependent/criterion variables, while PSMU was the predictor variable. Active social
media use and several demographic variables were entered as covariates. T'o explore between-nation
differences, we employed a one-way ANOVA with a post hoc Tukey test.

Results
The data for age, active/passive social media use and positive social media use were normally
distributed, while scores for life satisfaction, autonomy, competence, and relatedness were all
negatively skewed. Table 2 provides the mean, standard deviation, and correlations for all the study’s

continuous variables.

Regression analysis

Several multivariable linear regression analyses were conducted with each wellbeing variable
(life satisfaction, autonomy, competence, relatedness) as the dependent variables and PSMU as the
main predictor, while controlling for covariates.

With life satisfaction as the dependent variable, a significant model was found, F (4,2560) =
49.44, p < .001, with an R*of .071. PSMU was retained as a predictor (p < .001) with an
unstandardized beta coefficient of .075. The covarates, active social media use, education, and
parental status were also significant predictors (p < .001 in all cases), with unstandardized beta
coefticients of .242, -.253, and .430, respectively.

With autonomy as the dependent variable, a significant model was found, #(4,2560) = 33.38,
p <.001, with an £ of .050. PSMU was retained as a predictor (p < .001) with an unstandardized

beta coefficient of .039. The covarate education was also retained as a predictor (p <.001), with an
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unstandardized beta coefficient of .188. Active social media use and parental status were no longer
significant predictors.

With competence as the dependent variable, a significant model was found, F (4,2558) =
36.53, p < .001, with an & of .071. PSMU was retained as a predictor (p < .001) with an
unstandardized beta coefficient of .0563. The covariates, education, and parental status were also
significant predictors (p < .001 and p = .016), with unstandardized beta coefficients of .185 and -
.067, respectively. Active social media use was no longer significant.

Finally, with relatedness as the dependent variable, a significant model was found, F (4,2548)
= 48.65, p < .001, with an R2 of .071. PSMU was retained as a predictor (p < .001) with an
unstandardized beta coefficient of .041. the covariates, education, and parental status were also
significant predictors (p < .001 and p = .004), with unstandardized beta coefficients of .223 and -
.084, respectively. Active social media use was no longer significant.
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Table 2

Correlations and Descriptive Statistics for all Continuous and Dichotomised Variables

M (SD) Age  PSMU LSS Auto Comp Relate Active Use Sex Jobseeker College
Age 33.77

(8.41)
PSMU 17.57 -.03

(3.8%

LS 7.94 (1.89) .03 203"
Auto 3.21 (0.79 .02 198" 1677
Comp 3450.70  -009 1977 2167 A157
Relate 342 (0.79)  -004 2257 1957 373" A787
Active Use 2.72(0.92)  .026 263 1727 053" 0677 067777
Female - -061" .001 -067" 002 .002 013 -.010
Jobseeker - -0747 031 - 1417 -041+ -.006 .007 -.036 1287
College - 1287 041 147 1057 217 1347 .021 -.037 -.054+
Parent - 3997 0.86 -.089~ -.049+ -0747 -.089~ .002 -015 -.093* - 110~

Notes. Ns range from 2,008 to 2,536 due to occasional missing data. PSMUS = Positive Social Media Use Scale. LS = Life Satisfaction.
Auto = Autonomy. Comp = Competence. Relate = Relatedness. Active use = active/passive social media use *** p<.001, ** p<.0l, " p<
.05 (two-tailed hypotheses)
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PSMU Item-level analysis
Examining the individual item-means on the PSMU (Figure 1), meaning (item 3) and positive
emotions (item 1) were the two most frequently endorsed.

Figure 1

Heatmap of the mean score for items on the PSMU scale by country

EX

Positive Affect - -

3.36

Relationships -

Mean

36

Meaning - 15

34
33

Engagment -

Accomplishment -

UAE KSA Kuwait

Note. All items on the PSMU scale were correlated with LS, with item 4 (Meaning) having the
strongest correlation, r(2630) = .182, p <.001. Similarly, all individual PERMA items on the
PSMU were positively correlated with Autonomy, Competence, and Relatedness, respectively.
In all cases, item 4 (Meaning) was the most strongly correlated, r(2607) = .171, r(2623) = .187,
r(2623) = .200. All pvalues < .001.

Country-level differences in PSMU scores

To further explore country-level variance i PSMU scores, a one-way ANOVA was
performed to evaluate the relationship between each of the three Gulf Arab States and PSMU
scores. The means and standard deviations are presented i Table 3.

The ANOVA was significant at the .05 level, F (2, 2558) = 16.869, p < .001. A post hoc
Tukey HSD test indicated that the mean PSMU scores of Saudi Arabia were significantly higher
than those of the UAE (p <.001), and Kuwait (p <.001). Yet, there were no significant differences
between the mean PSMU scores of Kuwait and the UAE (p = .43).
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Table 3

Descriptve Statistics for PSMU Scores by Country

Nation M SD

Saudi Arabia 18.16 3.75

UALE 17.39 3.76

Kuwait 17.12 3.96
Discussion

Conducted among residents of three highly connected Gulf Arab States, this study examined
whether self-reported positive social media use (PSMU) correlated with higher levels of life
satisfaction and variables believed to underpin subjective wellbeing. This novel measure of positive
social media use 1s based on the PERMA model of wellbeing and explores how imndividuals perceive
their social media use as supporting their experiences of positive emotional states, engagement,
relationships, meaning, and achievement. As hypothesized, PSMU was associated with increased
life satisfaction, supporting previous research that reports moderate to strong positive relationships
between life satisfaction and subjective wellbeing (Berlin & Fors Connolly, 2019). Similarly, PSMU
was positively linked with basic psychological needs (autonomy, competence, and relatedness) as
described within Self-Determination Theory (Ryan & Deci, 2000). The fulfilment of these needs 1s
considered essential for attaining wellbeing, and the correlation with our PERMA-based PSMU
measure aligns with this theory. Finally, we observed the expected correlation between active social
media use and PSMU, consistent with research suggesting that, under certain conditions, active
social media engagement may be related to improved wellbeing (Valkenburg et al., 2022). Multiple
regression analysis confirmed that PSMU remained a predictor of all wellbeing variables, even after
controlling for active social media use and demographic variables. This finding suggests that, beyond
active use, PSMU 1s a valuable construct for exploring the relationship between social media and
wellbeing.

The PERMA framework is deliberately pragmatic (Seligman, 2018), and the fact that our
PSMU is rooted in PERMA allows us to explore how social media use 1s associated with the building
blocks of wellbeing. Further experimental research is required; however, this approach may ofter
potential guidance on how to engage with social media in ways that foster human flourishing. For
example, positive emotional experiences and engagement (PE) can be encouraged or made more
likely by selecting specific platforms and following certain accounts. Similarly, more active use of
social media 1s expected to result from using it to connect with and relate (R) to others, checking in,
making positive comments on posts, and cultivating as well as demonstrating more prosocial online
behaviours. Interestingly, the PSMU item most strongly correlated with wellbeing was the item
related to meaning (M), that 1s, “My use of social media 1s well-aligned with my values”. In practical
terms, cultivating this aspect of PSMU may involve encouraging self-awareness, value salience and
mtentional usage, all of which tend to feature in mindfulness-based interventions for problematic
technology use (Parisi et al., 2022; Thomas et al.,, 2025; Thomas et al., 2024). At last,
accomplishment (A) was the lowest-scoring item on the PSMU scale. Boosting the sense of
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accomplishment one gets from using social media presents a greater challenge, but its answer might
be found in platform design. We could envisage social media platforms that encourage and facilitate
volunteering, allowing people to ofter their services to help others, such as answering questions on
pre-selected topics. This could also be something like the Be My Eyes application, which connects
blind or low-vision users who want assistance with volunteers who, via phone cameras, provide audio
or textual descriptions.

It is noteworthy that there were minor differences in PSMU between the Gulf Arab States.
Specifically, KSA reports a significantly higher frequency of PSMU. One reason for this difference
may reside in the population demography of the three states. For instance, the UAE and Kuwait
have populations where expatriate or migrant workers are a majority. In KSA, citizens are the
majority, and it might be that culture plays a role in PSMU. In the present study, we were unable to
explore the impact of the diverse cultures on PSMU. Another possible explanation is the relative
popularity of the different social media platforms used n each state. Again, we did not collect this
mformation, but it is conceivable that the preferred platform has an impact on PSMU. For example,
platforms like Twitter/X are frequently utilised as a news feed, which can be subject to an
amplification bias, where negative emotional language spreads more than its positive equivalent
(Schone & Goldenberg, 2021).

Opverall, the study findings support the 1dea that social media use can be positively associated
with subjective well-being. The PSMU measure was normally distributed, had good internal
rehiability, and was well correlated with a range of wellbeing metrics among our sample. The study,
of course, has several limitations. Firstly, the cross-sectional nature of the study prevents causal or
even temporal inferences from being made. The reliance on single-item measures of wellbeing can
also be seen as a limitation, given that such measures lack precision, reliability, and do not allow for
control of measurement errors. However, the wellbeing measures used n this study have previously
been shown to correlate very well with their longer equivalents (Atroszko et al., 2017; Martela &
Ryan, 2024).

Future research could address these lmitations, employing longitudinal study designs and
mmplementing the long-form versions of the wellbeing measures used. Additionally, experimental
studies could be designed where individuals are coached in positive social media use compared to
a control condition, using state-based wellbeing metrics as the outcome. Rather than focusing on the
question of whether social media is a net benefit or deficit, it seems wiser to 1dentify ways in which
we can best use (and design) such platforms to promote human flourishing.
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